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PISA Reading Sample Task

ACOL VOLUNTARY FLU IMMUNISATION PROGRAM
As you are no doubt aware the flu can

strike rapidly and extensively during

winter, It can leave its victims ill for weeks.

The best way to fight the virus is to have —C :
a fit and healthy body. Daily exercise
and a diet including plenty of fruit and

vegetables are highly recommended to == /473
assist the immune system to fight this EJ'_U q:

invading virus.

ACOL has decided to offer staff the opportunity to be immunised
against the flu as an additional way to prevent this insidious virus
from spreading amongst us. ACOL has arranged for a nurse to
administer the immunisations at ACOL, during a half-day sessicn in
work hours in the week of May 17, This program is free and available
to all members of staff.

Participation is voluntary. Staff taking up the option will be asked to
sign a consent form indicating that they do not have any allergies,
and that they understand they may experience minor side effects.

Medical advice indicates that the immunisation does not produce influenza, However, it may cause
some side effects such as fatigue, mild fever and tenderness of the arm.

Who should be immunised?
Anyone interested in being protected against the virus,

This immunisation Is especially recommended for people over the age of 65. But regardless of age, ANYONE
who has a chronic debilitating disease, especially cardiac, pulmonary, bronchial or diabetic conditions.

In an office environment ALL staff are at risk of catching the flu.

Who should not be immunised?
Individuals hypersensitive to eggs, people suffering from an acute feverish iliness and pregnant women,

Check with your doctor if you are taking any medication or have had a previous reaction to a flu injection.

If you would like to be immunised in the week of May 17 please advise the personnel officer, Fiona
McSweeney, by Friday May 7. The date and time will be set according to the availability of the nurse,
the number of participants and the time convenient for most staff. If you would like to be immunised
for this winter but cannot attend at the arranged time please let Fiona know. An alternative session
may be arranged if there are sufficient numbers,

For further information please contact Fiona on ext. 5577,
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Multiple choice question

QUESTION 2.1

Which one of the following describes 3 feature of the ACOL flu immunisation program?
A. Daily exercise classes will be run during the winter.

B. Immunisations will be given during working hours.

C. A small bonus will be offered to participants.

D. A doctor will give the injections.

QUESTION 2.2

We can talk about the content of 3 piece of writing (what it says).

We can talk about its style (the way it is presented).

Fiona wanted the style of this information sheet to be friendly and encouraging.

Do you think she succeeded?

Explain your answer by referring in detail to the layout, style of writing, pictures or other graphics.

Note, | didn't use anything other than choice questions like QUESTION 2.2.

OECD (2009), Take the Test: Sample Questions from OECD's
PISA Assessments, PISA, OECD Publishing, Paris,
https://doi.org/10.1787/9789264050815-en.
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Read the following passage and answer the questions.

READING UNIT 2 : FLU ACOL VOLUNTARY FLU IMMUNISATION PROGRAM

As you are no doubt aware the flu can strike rapidly and extensively during winter. It can leave its
victims ill for weeks. The best way to fight the virus is to have a fit and healthy body. Daily exercise
and a diet including plenty of fruit and vegetables are highly recommended to assist the immune
system to fight this invading virus. ACOL has decided to offer staff the opportunity to be immunised
against the flu as an additional way to prevent this insidious virus from spreading amongst us. ACOL
has arranged for a nurse to administer the immunisations at ACOL, during a half-day session in work
hours in the week of May 17. This pr  __ ,, ailable to all membaramaSaiaaRarininatiansa
voluntary. Staff taking up the optionv 37T ﬁq:jijz a consent form indi
have any allergies, and that they und..c.....«. «..c, ....., ~..perience minor sid
indicates that the immunisation does not produce influenza. However, it may cause some side effects

such as fatigue, mild fever and tendemess of the arm. Who should be immunised? Anyone interested *
in being protected against the virus. This immunisation is especially recommended for people over the

age of 65. But regardless of age, ANYONE who has a chronic debilitating disease, especially cardiac,

pulmonary, bronchial or diabetic conditions. In an office environment ALL staff are at risk of catching

the flu. Who should not be immunised? Individuals hypersensitive to eggs, people suffering from an

acute feverish illness and pregnant women. Check with your doctor if you are taking any medication or

have had a previous reaction to a flu injection. If you would like to be immunised in the week of May 17

please advise the personnel officer, Fiona McSweeney, by Friday May 7. The date and time will be set

according to the availability of the nurse, the number of participants and the time convenient for most

staff. If you would like to be immunised for this winter but cannot attend at the arranged time please let

Fiona know. An alternative session may be arranged if there are sufficient numbers. For further

information please contact Fiona on ext. 5577. Good Health EnjoyREADINGSAMPLETASKS 20 2

TAKE THE TEST: SAMPLE QUESTIONS FROM OECD'S PISA ASSESSMENTS - ISBN 978-92-64-

05080-8 -©OECD 2009 Fiona McSweeney, the personnel officer at a company called ACOL, prepared

the information sheet on the previous page for ACOL staff.

Refer to the information sheet to answer the questions which follow.

#Question:Which one of the following describes a feature of the ACOL flu immunisation program?

#A. Daily exercise classes will be run during the winter.#B. Immunisations will be given during working
hours. #C.A small bonus will be offered to participants.#D. A doctor will give the injections.

Multiple choice ‘
question

Ask ChatGPT 3.5 — Compare the output answer

Google translate THZAZEEIR

Ay 7k

RONEZFTA T, BICEZ TLIEI W,

V=T A7 A=y b2 AV TLIVYOBRNA Y 7LIVHFHERET DS T LAld. XD
BICA > 7L YARED DLEHE ICERTES 2 &L ICRVORMA R W T, EitE
#RABLFERICT DI ENTEET, VMILREE S BROAEIZ. BRECERAREEFD
ZETY, REVRATLANIDBRBATAINLREHS DEFIETE-HIC, BADEH L/ &
ADRYCHEEZECREZ R BEIO L £T, ACOLIE. ZDEIERT A IILZAHFLATH DR
ICIED DD EFEST2HDEBMDAEE LT, ARy 7124 ¥ 7T HFITHL TFhERES N
HPHESAERMT I A RELE L7, ACOLIZ. 5HA17H DB DEBFMDOIEE Y > 3~
e S ACOL S REiEE 4 S 25 A FRLE L, TOT AT T LAIGERT, IXT

4, BMIZBEHEMN TS, 77 a v EZRET3R4y 7id, 7L
IBEEICELT DL RO N. BTN ABEIER%ZRERY 5 AlaEtE
b EzBRLTWET, EFNT RANA RE, FHEENA > 7L HFEER LAN
ZEERLTWET, 72720, EBH BEORZS: BoFohIhe, WA DEIER%S5I
TRITAREELNHYET, HLFHEBINDINETIN? VAL OREINDE ZLIC
FEAHD N, ZDOFBHEREIL. 65U EDA I ICHEINE T, FHICBEEHEA L, BT
@ B, SEX. £REERBER BUEEHHERELZE > TWDI A, 774 RBRETIE 7
RTDREYy TDA Y TINIZUHITHNDB YR IDH Y £7, HELNFHERININETIEH
EEAD ?INICEBBAEA. SERERBICELD AL, HEROLME, BERAL WS
Ba. FEA Y 7L UEFISHT 2 UBIOKRISH H - A5G IE. EECHER L TS
W, SA17THOBICFHERE =T 2545(1F. SATHEBAE CIC VA FF IR T 4 —=—
DANFBHEBICT FANA RLTLES W, B EBEZIE. FEMOAF A, ShE 0%k
FEAEDRZ Yy 7OEFZERICGC TERESNE T, ZORICFHEREEZZIT/-LA F
BEINBRICEETERWVGSIE. 74T F LB TLIES L, T8 EELH 5551,
REE v avPEREBEINZHELHY £, FHEICOVLTIE ExtOFionalc 5ELEDHE <
72\, 5577. Good Health FashreadingsAmpletasks 20 27 X + 51 % : OECD® PISAHf
S DH > 7 IVER-ISBN 978-92-64-05080-8-©0ECD 2009 Fiona McSweeneyld. ACOL &
EN2EHDAFEBLUETHY ., ACOLARX Y 7JDRIDR—YDIERY — b &L £ L1,
BHR— b E2SBL T UTOEMICEZTLEE L,

#Question : ACOLA > 7T Y FHEET 0 I T LOFEERBEAL TLWBDIERD S B EN
TEH? #A, ZORBIIEBOEE V7 ANEINE T, #b, BBERKFEPICFHHEENSZ
SNET, #C.ANSHFBI/NEHR—F AR EINET, #d, EESETELET,

We used Google spreadsheets function
GOOGLETRANSLATE(text, “en”“ja”)

<«

Ask ChatGPT 3.5
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ChatGPT-3.5 Accuracy rate of the multiple questions (N=20)
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ChatGPT Accuracy rate of the multiple questions (N=4)

Japanese Translated English
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Mobtionod Inshitule of Informalics

"%EWBHEUQBE

£EFH - FEREHEMEICK D

" 2023 (H#54) 108 20H s
B0 ivmss LIM i 7— 4%+ v FEEIZ@EITT
I LLM-IP Towards the Construction of an LLM Evaluation Dataset

IF=
. Based on the National Academic Achievement and Learning Situation Survey

B R HRMITIEY  BRERREe FHIERRE Frver AR s
Kyosuke Takami* Yusuke Miyaoki** Satoshi Sekinefii*
Akiko Aizawa**** Sadao Kurohashi ****

130 B/\SA—9DXRBEF/ET )V [LLM-jp-13B] ZEiEZE
~NII ¥ LLM 38 (LLM-jp) OFIRIDORR%E
FPhF = PrEEROMRRARCE TS E(C AR~

*EEEHORITART YRR KE b= 4 e 20 G Frdk [ S R AT SR T
*National Institute for Educational Policy Research  ** University of Tokyo
#**RIKEN ****National Institute for Informatics
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2 ERENS 500 ZL EHEMT S LM MiEs (LLM-jp) BEFLTVWEY. 7 ARG, HESE
FELTT—9FEAMSERTSY RIa—A mdx ' EFEAL. J(SA—98 130 EoXRES
AETIL (LLM) OEEmaLELE. SoRY. B LM oB§iFERUF 1 —Z 58T L.
EFLEABMLELEDT, BUSELET.
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CEANTAMESNETTIILEEE L TRIEETIES DETH, SBOPHT = FRELROWNHFE
CETS 8, I/ RPSEESHTIATA-—TLICTEIEDTT,

=i, EUIARBEREA FEREWESTHFRM (BEW) PELASEN BRITEXS (ETX)
EEBAILTHRF by P LAULOBEREERD LM OIS ERICIRRMREhET, TOBE—F
ELT, EHONEAERTES AIBELSST R (ABCD) “oRIECED. LDAEMLE 1750
IS A—9 (GPT-3 ) @ LM OSECEFLELE.

Eie, LM #HETHERAL TV ETE. LLM OFH - EREOBESSETHED, EFIL
OEELICHY. EEHORESHFLINEBELGDEY, SEAOETIIASERETSITTILEFRL
TENSOMEEIED, LLMARMREOEEICEMLET,

PISA. £EFE R IHEDHEZ LLMFHEhA

T—RELTEET 5 Z & TLLM#R S ICEBA,
Aizawa, Akiko, et al. "LIm-jp: A cross-organizational project for the research and development of
fully open japanese lims." arXiv preprint arXiv:2407.0396 3 (2024).
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1. ZLaiz
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RAG(Retrieval Augmented Gneration) & (&

o XEZEANRZT KNILEU TVector StorelCfmZRfFLTHE. ANICERULEDSLGX
EZZBRRUTCTAOVYTINCESH T, FORBZRBEATCLLMICEIEZE XY
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PISBWEBEZITLEE W,
S - B {context}
(FR¥TH) - i B : {question}
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https://zenn.dev/pipon_tech blog/articles/98eb5ea00bcch?2
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ERAITHRET — X = FER

703 PDF files

xml files Text files

ckan API =
GROBID ElementTree |-
< download : Ml---l
‘_ — — -] —
@q . ' TR o=
Education Data Platform i
National level 115 surveys, — :
188 research and case studies
Text embeddin%
Question
prompt = PromptTemplate.from template(
{context} .
Question: {question} .
: uestion Searc
Text Generation «—— ,Q— earch,
mod;l ;lgtslatopenlxl (modeliname="qpt-3.5- Context 4—
turbo- ", temperature=0)
e Context
{"context retriever, "qg tion":
RunnablePassthrough() }
| prompt
: :idﬂltputl?ar r()
)
1t hain.invoke (query)
print (result)
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Kyosuke Takami, Utilization of Japanese Public Educational Data by Retrieval
Augmented Generation for Policy Research (ICCE 2024) Accepted.
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